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V1. Drivers of Change in Lower Income Neighborhoods

emerged in the overall models and in the convergence analysis: proximity to downtown
and to neighborhoods with good consumption amenities leads to faster appreciation. It is
possible that in neighborhoods with more apartment buildings and rental units this trans-
lates to large scale rehab, condo conversions and construction of more upscale single family
residences, accelerating the process of displacement of the original residents. e fact that
denser neighborhoods were more likely to improve with displacement is also consistent
with this picture, as these are the areas that have fewer single family homes and more apart-
ment buildings. Moreover, in denser neighborhoods it is more di cult to build new hous-
ing, either to accommodate new residents and reduce the upward pressure on the price of
existing units, or to increase the a ordable housing stock for original residents, leading to
greater displacement.

Finally, it is worth pointing out the e ect of two factors, both directly related to public
policy, that matter in particular to lower income neighborhoods that retained their popula-
tion: FHA loans and Low Income Housing Tax Credit projects. We have seen how, across
all neighborhoods, FHA loans tended to have a negative e ect on appreciation. However,
particularly in lower income neighborhoods, FHA loans can help families enter homeown-
ership and begin to accumulate assets and wealth, which is particularly important for the
wellbeing of these types of communities.?*

e use of Low Income Housing Tax Credit projects in these communities can be bene cial
and favor “improvement in place” in at least two respects: to the extent that the credits are
used to rehab blighted properties, this would lead to an overall improvement in the appear-
ance of the neighborhood, and several studies suggest that these kinds of projects translate
to higher values for nearby properties.? Moreover, they increase the availability of a ord-
able housing for the population that is most vulnerable to displacement, improving their
chances of remaining in the neighborhood. In other words, these projects can improve the
overall desirability of the neighborhood and directly bene t the homeowners, while at the
same time providing the lower income renters with an alternative to displacement.
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C. Drivers of Change in Immigrant Communities

Question:
How do the drivers of change for immigrant communities differ from the ones for other
neighborhoods?

Findings:

For the most part, immigrant communities respond to the same drivers of change as
all other neighborhoods. However, there are some important nuances:

e Proximity to jobs is more important for these neighborhoods

e Immigrant communities are less vulnerable to subprime lending

* LIHTC projects seem to have a negative impact in these communities.

Implications:

Economic development strategies in these neighborhoods should focus less on sub-
prime lending and foreclosure remediation and more on access to jobs. At the same
time, more specialized analysis is needed to uncover additional potential di erences.

Not all lower income neighborhoods are alike. is statement might seem obvious, but it
is all too o en forgotten in practice, whether in the context of market analysis for business
investment or in the design and implementation of development interventions. Indeed, an
important issue in economic development (and one of the key reasons for this project) is
enabling funders, businesses and government agencies to better di erentiate among di er-
ent types of lower income neighborhoods, and identify which strategies and investments
are more appropriate to each type.

e neighborhood typology presented in the next section is designed to begin addressing this
very issue. As a starting point in this more specialized analysis of drivers of neighborhood
change, though, we can begin by identifying a particular type of lower income neighborhood
and investigating the extent to which change in these communities is driven by di erent factors.

One type of lower income neighborhood of particular interest to the eld is immigrant or
“port of entry” communities, as immigration remains a key issue in urban policy. More-
over, these communities 0 en di er from other lower income neighborhoods® in terms of
ethnicity, culture, and economic characteristics, and might present di erent types of chal-
lenges and opportunities for economic development. e project thus took a closer look at
these neighborhoods, and sought to assess the extent to which the drivers of change in these
communities di er from those identi ed overall.?




V1. Drivers of Change in Lower Income Neighborhoods

1 Methodology

ere are two ways in which immigrant communities might be di erent from other neigh-
borhoods with respect to their drivers of change:

1) ey might follow the same model and drivers of change, but have di erent values for
the factors that matter. For instance, transit stops might matter to immigrant neighbor-
hoods as much as they matter everywhere else, but immigrant communities might hap-
pen to have fewer (or more) transit stops than other neighborhoods.

2) e relationships between drivers and neighborhood change might actually di er in
these neighborhoods: transit stops could actually be more (or less) important in immi-
grant communities than they are everywhere else.

To sort this out, we rst looked at how well the baseline drivers model t these communi-
ties overall, and then identi ed the factors that had di erente ects in these neighborhoods.

e rst step in this analysis was to identify all of the neighborhoods that had a sizeable
immigrant population at the beginning of the study period. Since the goal was to identify
the factors that lead to improvement for this type of neighborhood, rather than factors that
cause this type of neighborhood to change and become a di erent type, only the places that
still had a large immigrant population at the end of the study period were retained for the
analysis.

In particular, the project selected communities in which at least 25% of residents were for-
eign born in 1990 and that did not have more than a 10% change in the number of foreign
born residents between 1990 and 2000.%  ese thresholds were established to ensure that
the sample would be large enough to conduct the analysis.

e project then used the xed-e ect version Application for Practice:
of the baseline 1994-2004 time series model to Targeting Interventions
identify the most important drivers of change
in these communities. e analysis proceeded
in two steps: rst, regression diagnostics were
calculated to evaluate how well the overall
model ts the immigrant community sample.?

IS test is designed to answer the threshold
question of whether these communities follow |~ Neighborhoods that might be of inter-
the same basic model as every other neighbor- €St t0 practitioners, enabling more tar-
hood (case 1 above), or whether they are in fact ~ 9€téd  Investments and development
fundamentally di erent from all other neigh- INterventions.

e methodology described in this
section, combined with the baseline
models developed by the project, is a
powerful way to assess the di erence
in drivers of change for any subset of
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borhoods in terms of their drivers of change (case 2 above).

A er this initial exploration, the model was modi ed by including interaction terms between
each independent variable and a dummy variable indicating whether a census tract is an immi-
grant community. A joint (Chow) test of signi  cance within the appropriate regression was used
to test if all interaction terms are equal to zero, and the interactions were individually tested for
signi cance using Bonferroni-corrected p-values.  isanalysis is designed to identify which driv-
ers of change matter more or less in immigrant communities than in all other neighborhoods.?’

2 Findings

Before presenting the model ndings, it is useful to provide a more complete description
of the communities that were selected for this analysis, including in particular the extent to
which they di er from other lower income neighborhoods.

While these communities have below average incomes and housing values, residents tend
to be better o than in the communities considered for the analysis in the previous two
sections: they have slightly higher incomes, are in better nancial standing (as measured
by credit lines past due and ratio of balance to credit limit), and are more likely to be em-
ployed. Crime rates are also lower than in the other neighborhoods.  ough most of these
communities are primarily Hispanic, there are signi cant exceptions: 28% have a majority
non-Hispanic White population and 8% are mostly Asian. e housing stock tends to be
slightly older than average, composed mostly of rental units in apartment buildings, with
low vacancy rates.  ese neighborhoods are also characterized by higher population den-
sity and a much higher concentration of retail and service establishments.

Despite these di erences, the base model ts these communities fairly well, suggesting that
the overall the drivers of change in immigrant neighborhoods are similar to the driv-
ers of change in all other neighborhoods. ere are some di erences, though: when the
baseline model is applied to immigrant communities, the mean xed-error component is
-0.1164.%8 In other words, the appreciation predicted by the model for these neighborhoods
is consistently higher than the actual appreciation, suggesting that something in these com-
munities is causing them to appreciate less than other neighborhoods with similar values in
the drivers of change measured by the model.

In order to identify what these factors are, the project estimated a model adding interaction
terms with a variable indicating whether each neighborhood is an immigrant community.
If the coe cients on the interaction terms are signi cantly di erent from the coe cients
on the non-interacted variables, it means that that factor hasadi erente ectonimmigrant
communities than it does everywhere else.
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is model surfaced three factors in particular that could account for the di erences in
model t: sub-prime lending, number of jobs in the closest zip code, and LIHTC develop-
ments. e coe cients are summarized in the table below:
Variable Coefficient Standard Error p-value
i 0
Subprime loans as % of total 0.07209 0.00666 0.00
home purchase loans
Interaction -0.08530 0.02900 0.16
Share of city employment -0.08552 0.01903 0.00
located in closest zip code
Interaction 0.36974 0.10787 0.03
i 0
LIFITC units as % of total 2000838 0.01050 043
units
Interaction -0.17203 0.04381 0.00
Year 2002 dummy 0.44515 0.00559 0.00
Interaction 0.08052 0.01775 0.00
Year 2003 dummy 0.50259 0.00579 0.00
Interaction 0.11352 0.01845 0.00
Year 2004 dummy 0.56391 0.00651 0.00
Interaction 0.13129 0.02088 0.00
All interaction terms 0.00
R2 of interacted model 0.8644
In the model run on all neighborhoods, subprime lending has an initial positive and
significant effect on appreciation. However, it had no effect on immigrant communities.
e project also took a preliminary look at how the e ects vary over time, and found that,
unlike in all other neighborhoods (where the e ects of subprime loans became negative in
subsequent years), in immigrant communities they remained non-signi cant.
Conversely, the concentration of employment (or business activity) around the neighbor-
hood is negative (though not signi cant) for all neighborhoods but positive for immigrant
communities: when business presence increases around these neighborhoods, prices tend
to increase, whereas when the same happens in other areas, prices tend to either remain the
same or decrease. Finally, Low Income Housing Tax Credit projects, which are not signi -
cant in the overall sample, are negative and signi cant for immigrant neighborhoods.
e remaining factors estimated in the baseline model (including demographics, retail and
( [i\\'\i'l]lllr't‘a
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services, access to transit, etc.) had the same e ects in immigrant communities as they had
everywhere else.

3. Interpretation and Implications

Before discussing these ndings, it is important to stress that this analysis has at least two
important limitations, and should be considered a preliminary exploration of these issues.
e rst limitation is that it groups together all immigrant communities, while there might
be signi cantdi erences in their dynamics based on ethnicity, country of origin, and other
neighborhood characteristics. Moreover, data limitations prevented us from testing the im-
pact of more speci ¢ factors for these neighborhoods, such as factors related to the integra-
tion of the foreign born population into the mainstream economy, including for example
availability of ESL classes, specialized employment services, and access to credit.?

At the same time, the analysis did reveal some useful observations regarding the drivers
of change in immigrant communities, starting with the fact that, based on the factors that
we were able to test in the models, for the most part immigrant communities appear to
respond to the same drivers of change as all other neighborhoods.

ere are, however, some exceptions that might warrant further exploration. In particular,
the nding concerning the di erent impact of employment opportunities nearby indicates
that proximity to jobs is particularly important for the immigrant population that lives in
these communities, and should be a key area of focus for development interventions.® e
ndings and implications related to the e ects of sub-prime lending and LIHTC units are
less clear, and would bene t from additional analysis.

Endnotes for Chapter VI

1 As explained in Section 1V.B, economic theory refers to this phenomenon as “convergence,” observing
that, over time, places that are less developed will grow faster, as capital and investments ow to areas
where they are underutilized.

2 esecut-0 swere selected with the goal of identifying clear di erences in neighborhood conditions
and outcomes while at the same time preserving su cient sample size for the analysis.

3 Exploratory regression models suggest that this e ect would not be captured in any of the variables
available for the analysis.

4 is approach is similar to the decennial models used for the overall drivers analysis. e main dif-
ference is that in this case the outcome variable is the occurrence of convergence, rather than change in
price, between 1990 and 2000.

5 See Tibshirani, R. (1996) Regression Shrinkage and Selection via the Lasso. Journal of the Royal Statisti-
cal Society, Vol. 58, No. 1, pp. 267-288.

6 See McCann, L., Welsch, R.E. (2007) Robust variable selection using least angle regression and elemental
sampling. Computational Statistics and Data Analysis, Vol. 52, pp. 249-257.
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7 Both properties are relevant to this particular model: variable selection is useful because the model
considers a large number of independent variables; and outlier detection can help identify neighbor-
hoods that either are outliers with respect to independent variable data or that have unstable estimates
for the dependent variable, which may occur even when prices are smoothed.

8 Inbrief, and as it applies to the analysis described here, Lasso performs subset selection in the following
way. If the matrix of independent variables in the logistic regression model has p rows and g columns,
Lasso provides a sequence of models with I,2,...,min(p,q) predictors. e generalized cross-validation
score (GCV) is calculated for each model in the sequence, and the model with the lowest GCV score is
used as the “best” model. e predictors in this best model are then used as the “best predictors.” Outliers
are identi ed in a similar method using the GCV but on a modi ed speci cation using a dummy vari-
able identity matrix with the same number of rows and columns as the matrix of independent variables
in the original model. As an additional step, the bootstrap procedure was used on the lasso estimates to
obtain alternative regression estimates. Bootstrapping was implemented using repeated row-sampling
and recording the frequency of each variable selected by the lasso estimate in each bootstrap sample.

9 Because the estimates from both procedures tell a similar story, the logistic estimates are used for the
nal results.

10 A partial t plot shows the e ect of an independent variable (in this case distance from downtown)
on the dependent variable (in this case the probability of convergence) while controlling for all the other
variables in the model by setting them to their mean values.

11 Interactions were tested using the MARS (Multivariate Adaptive Regression Splines) methodology on
all univariate estimates and bivariate interactions. In brief, MARS is a generalization of linear regression
that automatically tests for variable non-linearities and interactions. More information can be found at
http://www.salfordsystems.com/mars.php.

12 It is also possible that the overall model results are driven by this subset of neighborhoods, in which
case the similar ndings would be a function of overlapping samples rather than genuine similarities
among neighborhoods. However, the subset of neighborhoods considered for this analysis is small and
distinct enough that this is not likely to be the case.

13 In particular, population increased by 8% in converging neighborhoods and by 3% in non-converging
neighborhoods, and vacancy rates decreased by 36% in converging neighborhoods and by 24% in non-
converging neighborhoods.

14 istrend is suggested by an overall reduction in the total number of housing units, coupled with a
6% increase in the number of detached single family units and a 29% increase in the number of attached
single family units (compared to a 4% and 2% increase respectively in non-converging neighborhoods).

15 To validate the model prediction, we can then look at actual appreciation rates between 2000 and
2006: of the tracts that had an estimated probability of convergence of 50% or higher, all but one were
in fact converging as of 2006. Conversely, only about 44% of the tracts with a probability of convergence
between 0 and 5% were converging over the same period.

16 s variable is likely to undercount the percentage of people who stayed in the same neighborhood,
because it does not take into account people who changed residence but remained in the community.

17  escatterplotincludes all neighborhoods, while the analysis only focused on those with low housing
values at the beginning of the study period. For this reason, not all the dots are color-coded as belonging
to one of the three groups used in the models.

18 To facilitate comparisons with the logistic regression models, this model was estimated for the period
between 1994 and 2000. Moreover, in order to conserve degrees of freedom given the shorter time series,
spatially lagged terms were only included for a selected subset of variables, along the lines of what was
done for the 1999-2004 models from the overall drivers analysis.

19 While this is a signi cant nding, it should not be interpreted as de nitive: more analysis is needed
to con rm this relationship and better identify the type of employment services provided by these es-
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tablishments.

20 It is also worth noting the positive e ect of the percent of African American population in this model,
which suggests that, among this subset of neighborhoods, African American communities were more
likely to retain their original residents.

21 It is also possible, however, that this e ect is similar to the sub-prime e ect recorded in the overall
model. If FHA loans are used to put families in homes they cannot a ord, they could over time translate
to higher foreclosure rates and hurt, rather than help, the neighborhood and its residents.  is question
could be explored in a future project by testing for lagged e ects, along the lines of what was done for the
sub-prime analysis presented above.

22 See, e.g., Ingrid Ellen and loan Voicu, The Impact of Low Income Housing Tax Credit Housing on Sur-
rounding Neighborhoods: Evidence from New York City. New York University, Furman Center for Real
Estate and Urban Policy, New York City, N, 2007.

23 isisnot to imply that all immigrant communities are lower income — just that this analysis focused
on this particular segment. For a more nuanced description of immigrant communities, see the Neigh-
borhood Typology described in Chapter VII.

24 It should be noted that this analysis was not designed to look at everything that might drive change
in these neighborhoods, as that would require specialized data and more in-depth modeling, beyond the
scope the project. Rather, the analysis presented here was designed to see how well the overall drivers of
neighborhood change apply to this particular type of neighborhood.

25 erestriction on the change in the percentage of foreign born was applied to ensure that these com-
munities remained relatively stable throughout the study period. Communities with signi cant increases
in the percentage of foreign born residents were likely undergoing other changes throughout the period
that would have made it more di cult to interpret the model result. On the other hand, communities
that experienced signi cant decreases in the percentage of foreign born population were likely transi-
tioning to adi erent type of neighborhood.

26 In particular, a mean statistic of the xed-error component was used to reveal whether the model
tends to accurately predict, over-predict or under-predict appreciation in these neighborhoods.

27 In general, this methodology, combined with the baseline models developed by the project, is a pow-
erful way to assess the di erence in drivers of change for any subset of neighborhoods that might be of
interest to community and economic development practitioners.

28 e mean error for all other neighborhoods is 0.0130. e mean error for all neighborhoods, includ-
ing the immigrant neighborhoods, is zero, by construction..

29 Further analysis could test the importance of these factors, as well as di erentiate among di erent
types of immigrant communities, to get a more complete picture of the drivers of change for this type of
neighborhood.

30 s factor could be more important in these areas because it might be more di cult for immigrants
to own a car (and so they rely more on public transportation and tend to avoid long distance commutes),
or because immigrants might do best when they can work closer to their communities through employ-
ment networks that minimize language and cultural issues. Census data seems to con rm this inter-
pretation, as in immigrant communities a lower percentage of the population drives to work, and com-
muting times are on average higher than in other neighborhoods. However, further research is needed
to uncover the exact reasons for this di erence, including looking in more detail at the type of business
establishments located in the proximity of these neighborhoods, and comparing the types of jobs o ered
by those businesses to the occupation mix of neighborhood residents.
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What it is:

e DNT Neighborhood Typology uses hybrid hierarchical clustering to group all

neighborhoods in nine broad types and 33 detailed sub-types based on the key factors
that have emerged from the analysis of patterns and drivers of neighborhood change.

e information contained in the typology can be used to prioritize and target inter-

ventions to each neighborhood type.

Key Features:

is typology was designed to help inform economic development interventions. As

such, it has several distinctive features:

It is dynamic: it incorporates the project’s ndings on patterns and drivers of
change, and it shows how neighborhood types can transition to other types over
time, revealing what can be expected in di erent neighborhoods.

It is multi-dimensional: it incorporates many of the factors that proved to make the
most di erence to the economic performance of neighborhoods. As such, it helps
identify the challenges and opportunities in each place.

It is layered: its hierarchical structure goes from the broadest possible class to the
narrowest grouping of neighborhoods that are most similar to each other. is
means that it can be used to classify neighborhoods in terms of broad types or
more detailed sub-types — but it can also be used to identify, for any given neigh-
borhood, its closest peers.

Applications:

e typology has numerous applications for the purposes of economic development,

including:

Tailoring interventions to the needs and opportunities of speci ¢ neighborhood
types

Anticipating and managing neighborhood change

Benchmarking neighborhood performance

Enabling peer analysis and identi cation of meaningful best practices

Facilitating impact analysis by identifying comparable neighborhoods

e Drivers analysis presented in the previous two sections con rmed the degree to which
neighborhoods are diverse and specialized. It also showed that di erent types of neighbor-
hoods are likely to respond to di erent drivers of change — and thus, more importantly, to

di erent kinds of development interventions.

e next logical step, then, is to identify what

these distinct neighborhood types might be. In order to achieve this goal, the project devel-
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oped a typology of neighborhoods,* building on the knowledge of neighborhood dynamics
developed through the analysis of patterns and drivers of change.

At a basic level, a typology groups together things that are similar along a set of relevant
characteristics. Typologies are useful tools because they help make manageable complex
issues: by grouping together communities that are similar to each other along key dimen-
sions, typologies help explore the nuances that de ne and distinguish among the complex
and multidimensional entities known as neighborhoods, enabling meaningful compari-
sons, facilitating analysis, and revealing patterns and connections. In particular, a neighbor-
hood typology can help inform economic development practice in at least three respects:
it helps tailor strategies and interventions to the speci ¢ characteristics of each neighbor-
hood,; it enables benchmarking the performance of each neighborhood and comparing it to
its peers; and it facilitates impact analysis by identifying comparable neighborhoods.

It is not surprising, then, that constructing neighborhood typologies is a popular exercise:
one can nd almost as many neighborhood typologies around as there are neighborhoods.
Of particular interest, e Reinvestment Fund (TRF) developed a typology of the neigh-
borhoods in Philadelphia based on their real estate market characteristics, linking di er-
ent types of neighborhoods to di erent types of housing interventions. s typology suc-
cessfully reduced data on hundreds of thousands of properties to a manageable number
of neighborhood types and helped Philadelphia’s government prioritize interventions and
better target their resources.

Several marketing and data companies have created neighborhood typologies of a sort by
developing household segmentations based on consumer patterns, for the purposes of tar-
geting product marketing and store locations. One of the most prominent is the PRIZM
segmentation developed by Claritas, Inc., which de nes the U.S. market via 66 lifestyle
groups that are characterized by di erent spending patterns. It then classi es neighbor-
hoods based on their composition in terms of these segments. Academics and researchers
also have developed numerous typologies of neighborhoods over the years, either as de-
scriptive exercises or for the purpose of analysis of particular phenomena.?

In fact, since the output of a typology depends entirely on what factors are used as inputs to
create the groups, an in nite number of neighborhood typologies can be created, and none
of them is necessarily more “right” or “wrong” than the others. Rather, typologies can only
be evaluated in terms of how useful they are for the purposes for which they are developed.
In this respect, existing neighborhood typologies have useful applications (and provided
important groundwork for this project), but for various reasons do not fully address the
broader economic development issues raised here: they are o en only local in scope (as in
the case of the housing typology in Philadelphia), or are based on only a particular aspect
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of neighborhoods because they were designed to address a speci c issue (consumer prefer-
ences in the case of PRIZM, housing investment in the case of TRF, and so forth). Many of
the other existing typologies are simpler descriptive exercises without underlying analytics,
and tend to present a static picture not grounded in an analysis of neighborhood dynamics
and what drives neighborhood change.

e typology presented here was designed to build upon the neighborhood analysis con-
ducted by the project and help inform a broad range of community and economic develop-
ment interventions. As such, it has some distinctive features (which we will explore in more
detail below) that di erentiate it from other neighborhood typologies:

e |tis multidimensional and grounded in the analysis of patterns and drivers of neighbor-
hood change, incorporating many of the factors that proved to make the most di erence
to the economic performance of neighborhoods. As such, the neighborhood types tell us
something about the challenges and opportunities in each place.

 Itisbased on a very diverse set of neighborhoods,*and should be immediately applicable
beyond the four cities for which it was developed. It also provides a solid foundation to
constantly expand and re ne the types as time goes by and more cities are added.

» Itdoes notonly classify neighborhoods based on their type, but also reveals all of the con-
nections between di erent types, in a hierarchical structure that goes from the broadest
possible class to the narrowest grouping of neighborhoods that are most similar to each
other. Practically, this means that the typology can be used to classify neighborhoods in
terms of broad types but also to identify, for any given neighborhood, its closest peers.

e Perhaps most important, it is dynamic: it incorporates the ndings on patterns and driv-
ers of change presented above and it shows how neighborhood types can transition to
other types over time.  erefore, it can be used to help understand what should be ex-
pected in any given neighborhood and what interventions might be most appropriate.®

e rest of the section provides an overview of how the typology works and of its basic
structure, a detailed description of each neighborhood type, a few summary observations
on what this information tells us about neighborhoods and their dynamics, and some ex-
amples of how the typology can be applied and used to guide economic development inter-
ventions. A detailed explanation of the methodology, along with maps and tables for each
neighborhood type in the four sample cities, can be found in Appendix J.
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A. Typology Structure: How it Works

NOTE: No typology is ever perfect or de nitive, and this one is no exception. A typol-
ogy will always describe some neighborhoods better than others, and will never fully
capture the local knowledge of the people who live and work in a community. If it is
done well, though, a neighborhood typology can be a useful tool and complement that
knowledge by highlighting key challenges and opportunities, and revealing new pat-
terns and connections between di erent neighborhood types.

e starting point in building a typology is selecting the factors that will be used as de-
terminants of neighborhood type. e project had a very large number of variables at its
disposal, and experimented with multiple combinations and methodologies in order to
develop a typology that would help target and prioritize economic development interven-
tions..  roughout this process, the variables were selected based on a variety of criteria,
including their importance in the models, the availability and reliability of the data, and
feedback from experts in each of the four sample cities.” e resulting neighborhood ty-
pology is based on a set of variables that measure two key dimensions of neighborhoods:
(1) the characteristics of the built environment (including for example characteristics of
the housing stock, land use patterns, business presence); and (2) the characteristics of the
people who live there (such as income, age, household structure and mobility).8

Moreover, for the purposes of this typology, we are interested not only in identifying dis-
tinct neighborhood types, but also in how each type changes over time. To this end, each
neighborhood is included in the typology twice: once based on its characteristics in 1990
and once based on its characteristics in 2000.  is is a new and very important feature of
this typology, as typing neighborhoods across time reveals a great deal about their dynam-
ics of change, and enables us to identify which types are more likely to change over time and
transition to other types, as discussed in more detail below.

e years 1990 and 2000 were selected for this exercise because they are the ones for which
the most data is available. However, to make the results more applicable, when the typology
is applied to a particular place (as in the case of the maps presented in section VII.C) each
neighborhood is assigned to a type based on the most current data available.

e overall structure of the typology is summarized in the “heat map” below.  istechnique
was rst developed as a DNA mapping application in the Genome project, where it was
used to examine the ways in which di erent groups of genes correlate with various physi-
cal traits. e same technique is applied here to group neighborhoods according to their
score on the 23 di erent variables selected as key determinants of neighborhood type. What
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makes this application particularly useful here is that it works well when multiple factors
interact in complex ways, as in the case of the various dimensions that determine neighbor-
hood types.

e map can be interpreted as a grid in which each column is a census tract, and each row is
avariable. e score of each tract on the variables listed to the le of the chart is represented
by degrees of color, from dark red (very low) to dark blue (very high). e neighborhood
types are created by grouping together neighborhoods that tend to have similar scores on
the same variables, as evidenced by the “splotches” of red and blue on the map. For instance,
the blue area on the bottom le of the map identi es a group of neighborhoods with a high
percentage of young adults, high income levels, and a high concentration of retail, services
and entertainment venues. Similarly, the blue area at the top of the central section of the
map identi es a group of mostly residential neighborhoods characterized by older resi-
dents, high homeownership rates, and prevalence of single family homes.

Home Ownership
Moved in over 10 years ago
Population Age 65+

Land Use: Residential |

Income Diversity ||

Median Income

Population Age 35-64
Population Age 0-18

Single Parent Households

Land Use: Vacant |}

Vacant Housing Units

Age of Housing Stock

Social Capital

Land Use: Industrial
Entertainment Venues

Retail Concentration

Services Concentration
Regional Business |

Retail Diversity [l 1}

Population Age 19-34

Moved in less than S years ago
Foreign Born

e map also contains two additional important pieces of information. e rst is that
neighborhoods that are closer together in the chart are more similar than neighborhoods
that are further apart.  ese relationships are summarized in the tree structure on the top of
the map. In this sense, this is actually a taxonomy, rather than a typology, of neighborhoods.
In fact, it works just like the taxonomy of living organisms in biology, which organizes all
living things in a hierarchical structure that goes from the broadest grouping of kingdom
(e.g. the Animal kingdom), to phylum, then class, and so forth all the way down to species.

is means that the typology can be used from the “top down” as well as from the “bottom
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up” In other words, we can start with the
broadest possible grouping of neighbor-
hoods and further re ne our types as
we move down the tree. Alternately we
can start with a particular neighborhood
and identify which other neighborhoods
are most similar to it. e “top down”
approach is useful to surface general

ndings regarding a particular neigh-
borhood type, such as its likelihood of
undergoing particular kinds of change or
the types of interventions that are most
likely to make a di erence. e “bottom
up” approach, on the other hand, can be used to see how a particular neighborhood is doing
relative to its peers, or to evaluate the impact of a speci c intervention.

Application for Practice:
Identifying Comparable Neighborhoods

For any given neighborhood, the typology
can be used to identify the other neighbor-
hoods that are most similar to it.  is feature
can be used, among other things, to identify
meaningful best practices — examples that are
relevant to each neighborhood because they
have been successfully implemented in simi-
lar places.

e second piece of information is that the same hierarchical structure is applied to the
variables that are used to build the taxonomy.  erefore, variables that are closer together in
the chart tend to be correlated to each other and have similar values in the same neighbor-
hoods, revealing how the di erent factors combine to determine neighborhood types. In
particular, there are three main groups of variables: the rst group has to do with the stabil-
ity of the neighborhood and its housing stock, and includes the percentage of single family
homes, homeownership rates, residential land use and median income. e second group
includes a number of indicators typically associated with neighborhood distress: vacancy
rates (both in terms of vacant land and vacant housing units), percentage of single parent
households, social capital and industrial land use. Finally, the third group has to do with the
concentration of retail and services in the neighborhood, which also tends to be associated
with the presence of a younger and more mobile population.

B. Typology Overview

e hierarchical structure of the typology yields a potentially very large number of neigh-
borhood types, as we can keep re ning each grouping until we reach the individual neigh-
borhoods at the bottom of the tree. In order to make this information useful and accessible,
however, we need to identify a manageable number of distinct neighborhood types, while
at the same time preserving enough di erentiation between types to see real di erences
in terms of their characteristics and drivers of change. To achieve this balance, the project
focused on two layers of the taxonomy, deriving nine broad neighborhood types which are
then further divided into several distinct sub-types.
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e chart below provides a synopsis of two key “layers” of the typology, displaying the nine
types and 33 sub-types of neighborhoods identi ed with this system.

Lower Income = » Higher Income

e broad neighborhood types are ordered based on their median income and numbered
from one to nine. Within each type, the sub-types are ordered based on their median in-
come and assigned a letter.  erefore, Type 1-A (“Single Parents”) is the lowest income seg-
ment, while Type 9-C (“Exclusive Enclaves”) is the wealthiest.’

Before providing detailed descriptions of each neighborhood type, it is useful to make a
few overarching observations. First, the typology results reveal that di erent factors tend
to de ne di erent layers of the taxonomy. Overall, at the highest level, a neighborhood’s
type appears to be de ned primarily by its housing stock, the income of its residents, and
the percentage of the population that is foreign born. e nextdi erentiation then happens
based on the age of the population (which is likely related to the preferences for di erent
types of neighborhood amenities), land use patterns and business presence.

Second, while only 23 variables were used to construct the typology, many more variables
can be used to pro le each neighborhood type. For instance, we can describe each type in
terms of its location, racial composition, residents’ occupations or even foreclosure or crime
rates, even though none of these factors were used to de ne the type in the rst place. By
and large, the types are well di erentiated based on these other descriptive features as well,
lending validity to the nal classi cation.’ For instance, while race was not included as a
de ning variable, neighborhoods with a distinct racial makeup tended to fall into several
distinct neighborhood types.
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Similarly, while the typology was constructed by pooling together all neighborhoods in the
four cities, not all types are found everywhere. For example, none of the three poorest types
are found in Seattle, where incomes are generally higher than in the other three cities. Con-
versely, the “Coming Attractions” type is found primarily in Dallas and Seattle, and only
very few neighborhoods in Chicago (and none in Cleveland) match this pro le.

C. Transitions Between Neighborhood Types

e fact that the Typology is constructed using data from 1990 and 2000 enables us to
see the extent to which di erent types tend to change over time. is information is sum-
marized in the transition matrix below, which shows what percentage of neighborhoods
in each type remained the same type ten years later, and, if a neighborhood changed type,
what other type of neighborhood it usually became.

Transition Matrix
Count in 2000
47 153 301 169 193 69 344 128 55
L 1 L l 1 1 | 1 ]
Type 1 4 8 0.8 0.8 0.8 T 0.8 ~ 120
Type 2 4 4 0.5 0.5 - 198
Type 3 1 1.2 2 89.8 0.4 2.5 4.1 - 244
Type 4 o 0.9 3.7 2 3.7 - 108 o
o
g
(=] =
g Type 5 1 7 8.9 2.8 0.6 - 180 5
— ©
S
Type 6 o 1.2 3.6 1.2 - 84
Type 7 3.6 22 0.3 86 0.5 0.5 - 366
Type 8 o 4.9 3.9 1 8 49 - 102
Type 9 - 1.8 1.8 L &7
T T T T T T T T 1
Type 1 Type2 Type3 Typed Typeld TypeB Type7 Type8 Typel
2000

Overall, most neighborhoods tend not to change their type within this 10-year period, which
is consistent with the observation (reported in Section 1V) that neighborhood change is a
slow and gradual process. At the same time, though, change does take place, as neighbor-
hoods have on average a 30% probability to change type over ten years. Over longer time
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spans, this probability is likely to increase

e Application for Practice:
signi cantly.

Informing Community Visioning

However, there are signi cantdi erences
across neighborhood types. In particular,
the low income segments tend to change
type more o en than the higher income
segments: only 35% of neighborhoods
in Type 1 (* e Truly Disadvantaged”)
in 1990 were in the same type ten years
later. In fact, more neighborhoods tran-
sitioned from Type 1 to Type 2 (“Tran-
sient Underdeveloped”) than remained
the same type. Conversely, less than
20% of the neighborhoods in the three
wealthiest income segments changed
type between 1990 and 2000. Moreover,
neighborhoods tended to more o en
transition towards higher income segments than the other way around, consistent with the
overall improvement in the outlook for central cities that we have observed over this time
period. Additional observations pertaining to the transition patterns for each segment are
included in the neighborhood pro les reported in the next section.

Knowing what types of neighborhoods are
more or less stable, and in what directions
they tend to evolve, can prove particularly
useful in informing the community vision-
ing process in particular places. For any
given neighborhood, the typology can be
used to anticipate the di erent neighborhood
types that the community could become as it
evolves. is information can then help resi-
dents and community based organizations
determine which path would be preferred
and what interventions might help the neigh-
borhood evolve in the desired direction.

While in many ways this is still a prototype in the early stages of product development, the
typology works fairly well for the purposes for which it was created: it identi es distinct
neighborhood types that present speci c challenges and opportunities; it reveals important
facts about the patterns and drivers of change of each type; and it enables the user to iden-
tify comparable neighborhoods along the dimensions that matter most for community and
economic development.

D. Neighborhood Profiles

e maps below show the spatial distribution of the broad neighborhood types in the four
sample cities, and are followed by a detailed description of each type. Maps of the neighbor-
hood sub-types in each city are reported in Appendix I. While the typology was developed
using data from 1990 and 2000, all of the maps assign neighborhoods to types based on the
most current data available, and can thus be interpreted as a projection of the typology as
of 2006.*
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‘ Chicago Neighborhood Types, 2006

Seattle Neighborhood Types, 2006 |

Legend
4: Port of Entry
I = urban Tapestry
[l & Coming Aftractions.
B 7 to Place Like Home

I 1: The Truly Disadvantaged
B 2 Transient Underdeveloped
3 Stable Low Income

& Port of Entry
I 5 urban Tapestry
Il & Coming Attractions
I 7. Mo Place Like Home

& Close, Cool, Commercial
I & Forune 100

& Close. Cocl, Commercial
I & Fortune 100

1 The Troly Dmadvantaged
I 2 Transient Undendavstopsd

Each neighborhood type is described below. For each segment, the pro le includes a high
level description of the neighborhood type, followed by a more technical pro le with ad-
ditional details on the factors that characterize that type of neighborhood. e description
also includes a set of observations on its dynamics of change (including key implications for
economic development) and a summary of the growth trends for the two key metrics used
as indicators of neighborhood improvement (RSI and change in quantity of housing units).'?
Finally, the pro le includes a chart showing the distribution of the cluster across cities and
summary descriptions of each of the sub-types in which the broad type can be divided.

It should be noted that these pro les are based on average values across the entire segment.
Since no segment is perfectly homogeneous, it is possible for any given neighborhood to




VII. Neighborhood Typology

di er signi cantly from the group with respect to a few factors, and thus to be not accu-
rately characterized by the type pro le.®* Wherever possible, the pro les note the extent to
which some of the characteristics of the group overall might not apply to a subset of neigh-

borhoods within that group.*

Highlights

Neighborhoods in Type 1 struggle with poverty, crime, and unemploy-
ment. Streets lined with vacant lots, public housing projects and industri-
al infrastructure are the physical realities of these communities; children
and their single parents, along with seniors, make up the majority of their
population, which is mostly African American. Many residents hold no
high school diploma, and unemployment rates are several times higher
than the national average. Most residents are employed in service or sales
occupations. Businesses and social infrastructure in these neighborhoods
are lacking, but their proximity to the city’s Central Business District and
the presence of developable land create opportunities for reinvestment.

Detailed
Profile

is is the poorest of all neighborhood types, with an average median
household income of just under $10,000.> Moreover, there is very little
income diversity: incomes are concentrated in the lower end of the spec-
trum to a much greater extent than in the other lower income neighbor-
hood types. e population is primarily African American, and composed
of children, seniors, and very few adults between the age of 35 and 64. A
large percentage of the residents live in public housing.

Other socio-economic indicators are consistent with the pro le of an
economically distressed neighborhood. e mean unemployment rate is
35%, and 49% of adults do not have a high school diploma. On average,
about 36% of households are single parent households. Homicide, violent
and property crime rates are, on average, the highest among all clusters.

A look into the physical characteristics of these neighborhoods reveals
indicators of signi cant disinvestment and distressaswell. e percentage
of vacant parcels is the highest among all clusters (on average 22% of land
parcels are vacant), and only about a third of the parcels are residential.
Furthermore, many of the housing units that exist are vacant (average rate
is 21%). Business presence is very low, and the diversity of business types
is the lowest of all clusters. However, this is one of the most heterogeneous
clusters, and individual neighborhoods within it might di er from this
description with respect to particular dimensions.
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Most neighborhoods in this cluster underwent a change in neighborhood
type between 1990 and 2000: about 41% of neighborhoods transitioned
into cluster 2, and 19% of neighborhoods transitioned into cluster 3. In a
few cases, neighborhoods transitioned into one of the high income clus-
ters, due to signi cant redevelopment and in ux of higher income resi-
dents.

Given the fact that housing values in these neighborhoods are low, and
that they are located close to the central business district, they are good
candidates for reinvestment. Indeed, 79% of neighborhoods in this group
grew faster than higher income neighborhoods between 1990 and 2000.
Almost all of the Type 1 neighborhoods that changed type transitioned
to types 2 or 3, suggesting a gradual path of neighborhood improvement.
However, not all of these neighborhoods improved, and some showed
signs of further decline, which is unusual over the time period considered
by the project. In fact, this type has the highest concentration of neigh-
borhoods that experienced the “neighborhood decline” pattern of change
identi ed in the Evolution analysis.

As we have seen, many of these neighborhoods experienced very high
growth rates and transitioned to other types between 1990 and 2000. Even
the ones that did not transition for the most part experienced signi cant
appreciation: on average, the RSI had the second fastest growth rate of
all clusters, appreciating 29 percentage points faster than the city average
between 1990 and 2000 and 8 percentage points faster between 2000 and
2006.

Dynamics
of Change

Growth _ . . .
Trends is cluster had below average growth (-2%) in the number of residential

parcels between 1990 and 2000. However, development activity picked up
signi cantly between 2000 and 2005, when this group grew by 14% (the
fastest growth rate among all clusters). Much of this growth can likely be
attributed to HOPE VI projects, and particularly, in Chicago, to the Chi-
cago Housing Authority’s Plan for Transformation, which brought about
signi cant development activity in many Type 1 neighborhoods in the
city starting in 1999.

50%
40%
Presence by 30%
: 20%
City (2000) | 27 . N o

1% 0%
0%

All Cities Chicago Cleveland Dallas Seattle
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The Truly Disadvantaged: Sub-types

Type 1-A:
Single
Parents

Type 1-A includes about half of the neighborhoods in cluster 1, and is
characterized by a high proportion of children, as well as lower income
levels, higher unemployment, and lower levels of business presence, indi-
cating that these neighborhoods are somewhat more distressed than the
cluster asa whole.  ese neighborhoods also have the highest concentra-
tion of public housing across all clusters and sub-clusters.

Type 1-B:
Disadvan-
taged
Seniors

is type is characterized particularly by a high proportion of adults age
35 and older (relative to the other Type 1 neighborhoods), and particu-
larly seniors. Socioeconomic indicators are slightly more positive than in
sub-type 1-A.

Type 1-C:
Industrial
Lands

Type 1-C is a small fraction of Type 1, and includes Census tracts which
are primarily non-residential.
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Moving trucks and vacancy signs exemplify this type of neighborhood.
Frequently close to the city center, Type 2 neighborhoods have quick turn-
over in their residents. Very few people own their homes, and residents
tend to live in apartments as opposed to single family housing. Most of the
residents are employed, but Type 2 neighborhoods have high crime rates
and very little diversity in businesses. Proximity to the city center, low
property values and vacant land make this neighborhood cluster suscep-
tible to improvement with some degree of displacement.

Neighborhood Type 2 represents a low income segment with high levels
of rental housing and resident turnover. Only 18% of households are ho-
meowners, and median incomes average around $20,900. As in the case
of “ e Truly Disadvantaged” neighborhood type, incomes are typically
concentrated in the lower end of the spectrum.

Highlights

is type includes residents of all age groups and racial identities, but for
the most part they tend to sort into di erent neighborhoods. Socio-eco-
nomic indicators in general reveal signs of economic and social distress:
20% of residents are unemployed, and 41% of adults do not have a high
school diploma. Crime rates are also very high.

Detailed
Profile

Type 2 neighborhoods are typically located near the central business dis-
trict, and have a diverse mix of land uses, with lower than average percent-
ages of residential land, above average vacant land, but also a fair amount
of commercial and industrial parcels. Retail and service business diversity,
however, remains low.
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Type 2 is not a particularly stable neighborhood type, as only 46% of these
communities in 1990 remained in the same cluster in 2000. Moreover,
change in these neighborhoods can lead in many di erent directions.
In particular, of the neighborhoods that changed type, 17% transitioned
into Type 3 (“Stable Low Income™), 17% transitioned into Type 4 (“Port
of Entry™), 11% transitioned into Type 5 (“Urban Tapestry”), 4% transi-
tioned into Type 6 (“Coming Attractions”), and 5% transitioned into Type
8 (“Close, Cool, Commercial”). As in the case of Type 1 neighborhoods,
some of these communities also showed signs of decline over the time
period.

Dynamics When Type 2 communities transition to higher income types, most of the
of Change | change seems to be fueled by redevelopment and is often associated with dis-
placement, as the high proportion of low income renters that live in these
neighborhoods are particularly vulnerable in this respect.

e high variability in transition types suggests that these neighborhoods

are amenable to very different types of development. At the same time, dif-
ferent sub-types tended to evolve in di erent directions. For instance,
neighborhoods in Type 2-B are most likely to transition to Type 3 (“Stable
Low Income”), likely due to their demographic characteristics. Similarly,
neighborhoods in Type 2-C, which are already characterized by a signi -
cant presence of immigrant population, are more likely to become “Port of
Entry” communities by transitioning to Type 4.
Given their proximity to downtown and housing stock characteristics,
these neighborhoods tend to be good candidates for convergence. Indeed,
these communities had the highest RSI growth rate, increasing by 41 per-
centage points over the city average between 1990 and 2000, and by 14
percentage points over the city average between 2000 and 2006.

Growth While appreciation rates in this cluster were high across the board, only
Trends the Type 2 neighborhoods that transitioned to other types experienced the
greatest changes in quantity. While Type 2 neighborhoods that remained
Type 2 typically trailed the city in terms of residential real estate develop-
ment, the ones that changed type grew in housing quantity 4 percentage
points faster than the city as a whole between 1990 and 2000, and 5 per-
centage points faster between 2000 and 2005.
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Transient Underdeveloped: Sub-Types
Neighborhoods in Type 2-A tend to have an older population, with an av-
Type 2-A: 0 . .
Seniors and erage of 22% of residents over 65. ey also tend to have higher amounts
of social capital, as measured by the presence of civic, social, political, re-
Centers . i . .
ligious, business and other membership associations.
Neighborhoods in Type 2-B have a high proportion of children, though
Type 2-B: 27% of households are led by a single parent.  ese communities tend to
Families on | be predominantly African American, and have the least amount of racial
the Move diversity within this type.  ese neighborhoods transitioned primarily to
Type 3 (“Stable Low Income”).
ese neighborhoods tend to have a higher percentage of foreign born
Type 2-C: residents, and a greater amount of racial diversity. Many families live in
Immigrants | these neighborhoods as well, but levels of single parent households are
lower than in Type 2-B.
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Type 3: Stable Low Income

Highlights

Modest, single family homes and well-worn city blocks provide the back-
drop to stable communities in Type 3. e residents of these neighbor-
hoods, primarily African American, o en own their single family homes
and nd employment in a wide variety of occupations: a resident is as
likely to hold a white collar job as a job in the service sector, in sales, or
in a factory.  ese neighborhoods lack business and service amenities,
but their residents get by — even if it is sometimes a struggle on a median
income of $23,800 — and over half of them live in the neighborhood for
more than 10 years. High crime and foreclosure rates are two outstanding
challenges for this type of neighborhood.

Detailed
Profile

Neighborhoods in this segment tend to be lower income communities
with relatively high levels of home ownership and resident stability. How-
ever, other socioeconomic indicators point to potential di culties in the
residents’ lives: unemployment is relatively high at 19%, about 38% of
adults do not have a high school diploma, and median income levels are
fairly low at $23,800. Many families nd homes within these neighbor-
hoods, but typically 23% of households are led by a single parent. Indica-
tors of nancial distress such as balance to credit limit ratios and foreclo-
sure rates are also among the highest of all clusters.

ese neighborhoods tend to be highly residential, with very little busi-
ness presence. Many of them also have relatively high concentrations of
vacant land. Still, resident stability is very high, as on average, 44% of
households have lived in the same home for over ten years.

Dynamics
of Change

Type 3 is one of the most stable neighborhood types, as 90% of neighbor-
hoods that were in Type 3 in 1990 were in the same cluster in 2000. Of
the remaining neighborhoods, 4% transitioned into Type 7 (“No Place
like Home™), 3% transitioned into Type 5 (“New Development™), and 2%
transitioned into Type 2 (“Transient Underdeveloped”).

Overall, these neighborhoods are more likely to improve without displace-
ment. Among the key factors that distinguished places that improved in
this sub-group are higher proportions of young adults (age 19 to 34), a
relative reduction in unemployment rates over time, and better access to
transit stops, consistent with the “improvement in place” models present-
ed in Section VI. Moreover, higher home ownership rates in these neigh-
borhoods may have been an important